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2. ACTIVE MODEL SELECTION

2.1 Simplifying Assumptions



2.2 Mapping to budgetedlearning

2.3 Standard Policies

Round Robin (RR).

Biased Robin (BR).

Sngle Coin Lookahead (SCL).

3. THE MDP FRAMEW ORK

3.1 The Optimal Policy



3.2 Applying RL to Active Model Selection

Expected Regret Comparison (n=8,b=16)
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4. EMPIRICAL RESULTS



Expected Regret
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6. CONCLUSIONS AND FUTURE WORK
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